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Color Naming

Color Naming decomposes an image into 11 
probability maps. Each value corresponds to 
the probability of belonging to a color name:

1 2 3 4

Our method adjusts globally the image by estimating a set of control points (               ) that 
define RGB tone curves for each color name. The globally-adjusted images are then fused 
using an attention-based mechanism and color naming probabilities.
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We blend the color names with similar hues, as our method aims to learn a curve to 
be applied at all intensities levels:
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Experiments & Results
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Adding Color Naming (CN & WN-Avg) into the architecure 
produces the largest boosts in performance.

+0.32dB

+0.12dB

+0.31dB
*Showing the pixels with probability > 0.5 for color name Red. We also show the RGB tone curves of this category and the retouched image. 
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- Two-alternative forced choice (2AFC) 
- 15 observers 
- 25 images from MIT5K and PPR10K
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*For the sake of visualization, we use different color maps for each color name, with colors proportional to the probability.

Input AdaInt NamedCurves GT

Enhancing images through color names for intuitive and precise human-centric adjustments
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